Board Opinion

AMNIUAWUUDY (FAQ) INYoAU

Big data na: Data analytics

Frequently Asked Questions —

Data analytics

AS. 1g10anuni Zf’lmeny’lb‘E/ / nru[anru IWUFTSC)aan
Ef’lUﬂJ’IUHSOVHOUUfyb’IIa I’IUSﬂU’m’NSSfW 9019
Dr.Yaowaluk Chadbunchachai / Mr. Sophon Permsirivallop
Partner, Advisory / Partner, Assurance

1
0
1
® 8 A
* 1 ——
- ‘. A S
14k s .
14y =3 1 B
wl 5 ral 0 BN
= — R ] _;
' v ==1lli0 1[1, o=
-;1.01 0 sE B
'vU L | 1 1 1 A L 1
s : a0 30 : a
. o ? :]I 1 T B 1
: 1 A 0 1 E E >
SERRRRERARANAANANNANNAN 1 0 [ ]
T 1 1 e
T 1 1
Ty 0
S RRRRARRRNANNRRRRRREE

LB . _-l'.-. l’
SO A RO ROy e s P

>

.
=

f
E

b J et e T 5—3’3‘"‘3”:'

E- o p

tasS v B C‘.’i-—-xw-

A
R -
5
& 3
;o1
o O
j~ = ' 1?
bl
1 A
1A
0 ‘
= A
e
g

mm‘lﬁu‘lﬁaaua AANNUARS LATLNNTWAILN
Lmem‘Lﬂjm’Lu‘iaﬂﬁiﬂﬁ) ‘Lmﬂuma‘mum
mmwmmﬂi asdaunuidesnisatig
mmmu,a WWINaNe m“lwnm@mmmauam
FadulmiluusasFustnamena & mauammu
AEVENENTANLETUTALIAITIMINITIAINNTD
tnanldidszlead luifaqiusaznuindamdnn
vl o Ayl @ visedTannnis viseds sl
mm%‘uamqammm fnenfusinaszidnla
mqmqmﬂ“l,mamm% Lmemumamnm
mmmmaﬁliﬂum sz ammm FAQ
Frowinutlesy  LRfeneUAaLRAETNAY
avditatnaaninan AABRIUNANIZNLABITIN
TAuazn1snsaaaulod

A
1 >
0 4 .
1@ A .
i - :
20 , : :
1 4 & - 1
A0 g ] A1
g0 1+ 04 g
R
E: A) © o1
g - 10
) t.10 1,4
ﬁ r,_.-&vgﬁ 2 1 ‘
i:1 ool 10 94
BT
o

LLLLLL [§

R




>

e

i i) LU R ) ok ol () i @

NN S NN NS Gt W

Eﬁ-"“

H

Q. Big data Aoa:ls

A. #1711 “Big data” ﬂiﬂﬂg%u’l,uuwmmtﬂu
pfausniiledl a.a. 1997 laeiininenmans
UYDIDIANITUNT %ﬂﬁﬂﬁ'mﬁqﬁmmﬁhm 7l
Soyaunueumaaiilugifiunineg iy
lumhepnusaseeuiioned amungd
namiulneldaeeiin Big data nma Jaya
sunlvguezdanudugeunn 3uindu
wasnmstiminaveaneluladl Safaiiom
mafivdiayara s Suauunning Fauaewian
wmmr\ummmmmmifmmﬂauamemn6‘]
auifiin SmnsuazisznalimelunenTiuens

Gartner TafluAHiTeLas TN
grneveslsziAanigawsng denuanumune
184 Big data Iilamautii@ 3 Usznis @v)
maiu Aa daualngumaia Volume) 1
ﬁ"]ﬂ;ﬂaﬁﬁmﬂﬂ?{ﬁuuﬂmmmﬁ?a (Velocity) taiu
{83a91n Social media uazillasaiievans
sluny (varety) iy fludannu fumisns

U
v

doya Huniw xmL iudes vsadugiam

Q. msie:tin “Big data” unlEUs:zTestisiouria
agnlsiw

A. msfiaslissleaiun "Big data” itenns
Uszinaua Lﬂumﬂmmammammauamam
ununeunldiiteutannunanauaz mﬂ‘uaww
Waitelflunissnaula uar Data analytics
Hurnanivizeiansvilaiiaziin Big data 1l
Wiudslemisenissintugsia nsane nns
AaNA NN9Liied waz mimmmmmiﬂmﬂmm
nanvang

Q. Data analytics Aga:ls

A. Data aonalytics lufnansunan1siinanzi
dayam1a 9 410 Big data Lwamm’lumuﬁsm
msammmmﬂaxmm auq AiFaens Fedudu
mﬂmmmmsmmLiﬂumsuwauawmuu
m’l,mam‘l,uiﬂt,l,uumwmufa s mauaimimﬂ
meiu‘iaﬂw?aﬂjmmqaqLLa “LULAARTIAE
Lwauwauamlmmummmemmm‘lm 38
u,'ﬂammmma‘l‘,mmumﬂawimummﬂamumi
TﬂJmeTuTaﬂLwaquu
mauammmuuﬂmmu

iﬂLLUUﬂJ@Qﬂ’]i")Lﬂ‘J‘W:‘Vi

°  NITIATE Mmauauuuwumu (Descriptive
analytics) Lﬂuﬂ'ﬁ"lLﬂi’]"ﬁLW’ﬂLLﬂﬂ\iNﬂ‘Hﬂﬂ
i"]ilﬂ']‘iV]’Nﬁi‘ﬂ’ﬂ mmm?mmamﬂﬁmw i
wimmmu mamfvmmmmu Tuanuoe

flanemenisiinle  uianenisinaula
FREnNIAUTENIUNNTANe
ALY

*  NITIATIZALLLLINA TR (Diagnostic
onolyncs) Lflumsaﬁmammmmamw
Aniy NEECTRRE) uaz ANMUAUNUF U
ﬁ%ﬂmamuﬂimqsmummauwuﬁmanu
499A AP Y et uaIuELTLS
F2UINNEDAUEADNANTTUNIINITARNA

Fafudnffdeeali
ﬁmﬁu“l@iﬂumﬁgﬂ%m

*  N1FILATITURLLNENNTDL
analytics) 1flun1gitAang ﬁLﬁﬂWﬂﬂﬂiﬂi?\ldﬁ
findea mmﬁumauw “finau Tnelddaya
MFRnTULE UL 1aeMATR e
waluladifyonilszAugnne e (Artificial
inteligence) fENIALNTNENNINIEDAINE
nnanensalnalszanuB

e nmamzinuulRALuzLn (Prescriptive
andlytics) 1Jumsiingiz Wuaua‘wumm
Hudeungn Lﬂummiwmnmmmm b
9% mrﬁu dof daids @ uazszazinm

FTIENTUNANIT

uAazLlszian

(Predictive

&
‘]Jﬂﬁﬂ\ﬂ/l’“) Lﬂﬂ‘]]u HaT ﬂ’]i“lﬁﬂ’]LLu RVIEN
Lﬁﬂﬂm’N ‘]’V]llﬂ% LLﬁZNﬁﬂJﬂQLLﬁ]ﬁz‘W’NLBBﬂ

Q. Data analytics JaowdrAryodwls na:
f99819vaInsld Data analytics

A Tuilaqifudayauaz “Aanssuilifindusilan
aau“l,auuuuamiﬂmﬂwmwu’lumﬂ qtnadnla
maua‘mmm mimmauamLmau‘[mnumﬂaa
AN ) WAZAINAINNTNIATIZAI ANUENTLS
‘um‘ﬁmﬂaﬁ?u“lﬁvi’ﬂﬁmmmmﬂ?uﬂqmwﬁﬁLﬁu
907 N19BUATNITAAIN ALsTIANLLA
wWiauanAuaeu visaaiwlantaniigsiia

fethaitinslds leniune Data analytics

‘Luﬁqq?ﬁﬂv‘vﬁammﬁfmgﬂi:mﬁﬁ'ﬁmmi

o lull aa 2012 iszaunbun Obama laf
71991 Data analytics ielinsziignuides
Aendeeeinies waznsUfduiugme 9
aegudaaiansTmeiani msvnides
184 Obama kazdfunagmenisidesls
ATLANINAAILAAT WA LATTUNAI1A29

diwdmngulavazaniuntsnadestiu
ﬂau‘l,mwa’lwawmﬂma nanuasnulni
ﬂ‘i awﬁmwmﬂmm

* Uber 14 Data analytics aelunissindula
wudmlusTRRensUsUsAATAEANs N

Alngansiazaanuly
Ael LmuLuaLﬂmemmimwmﬂi flunana
nyednild sy mﬂaammmﬂmaﬂmﬁﬂ
20148m97AnlAeATURIUber lugUAINaT"
W'qm%u 4 wh dafeususnsdnfimes

lJﬂ')’]lJﬁ]ﬂ\‘iﬂ’]iﬁd

NnAusENAziAUNnauiulae
*  Domino Pizza mwwsnfﬂ’]mu‘l’,aﬂaau”l,au

1NN 40% AesenIETaLA TEihes i
i lunsimszndoya
uazmANuALRLETaYR
dayaurazdiudnseiu wﬂmwmwum
msmmmuuimmsuauammau%mmnu
tanae LLﬁ"V]”]u’]f;l']’]ﬂquw\li‘Wi) STRtn)
dalll uarlfAmauinananlvufianemvise
fuualiinfiazvinrnlege atlsslanily
nsldinsnennsuasnu

Data analytics
gefaurazdi

Q. naswsauinavinaTuTadTnu A 6 091
“Machine learning” Aoa:Is na:A%989vay
msld “Machine learning”

A “Mochineleoming" Aa nsvinlipaunmes
funsuandaya wseananmuindey tnell
mmaqmuvl,ﬂiﬂﬂlmmquuus]
wlmum@mmu”l,ﬂumummﬂuiﬂLL‘uu
mumummaamﬂmmmuq Wy Ng 9o
Wandu Lﬂumu

Tneihanug

o 1 v . X g

feeneanInigld Machine leaming Lamsl

WeNTol

*  Jutindpuninends MIT 14 Machine
leamning  taEnlirauRmasaNnNsnUen
1491 2N Google Street View 1a3uAaz
druglasndsuintesunlnuluaiamn
uywd annsthdeyadudivanulaandt
F1N9INNTLTNA

¢ msldiMachineleaming funINEATITiEIL
Ql 1 val vy @ 1 4 o
Lwawmgumﬂimuﬂﬂmﬂmgﬁlwu Tneyinnng
ANAN1TalAANNUNA L Tl UIRIAIN LEINA Y
ndayanINaneaINATIEL Aeunaa Ty
uay mauﬂmqmu‘LuﬂmnmwmImﬁmmm
Renleszmineannuiasunadluninong
ABUNANITUNUAINONEABUNAIIAY
A R a
niuasiiduminanuasy

Q. uon9ni nmswauanInAluladnian
agritiviitan “Cognitive computing” Aiva:Is
A. "Cognitive computing” Ao ﬂauﬁﬁLma%ﬁ
dnlauazanunsnBeuiloyams o Anuazindula

i
_B_c_,ialr:j.r.ciqu |

A
1
0
1
1
0
1
1
0
1
1
0
1
A
A
A
A

ae o

LR o RN ST e e DT T W WO o S W 1




1519 TmﬂiﬂnﬁmafLafﬂuafmjut,mmﬂuauawad

] LAz ORLALA AN 5 ShEnaaL

* lutl 1997 Deep Blue Fufluneufiumesaes
IBM ‘lﬂl@’]ﬂiuu Garry Kasparov meﬂwmn
gnland Fa u@mwmummmimaqumm
mmmmmau‘h (‘lumuammﬂiﬂ) 1hanan
e nEniumaluladida Machine
learning llay Cognitive computing ‘lmgﬂ
‘]JEI’WEINaﬂﬂﬂllﬂut‘]]ﬂﬁi‘ﬂ@lﬂﬂ%u

. Tiawmmmumwwuﬂuﬂi mﬂ“lmﬂ
A eI Cognitive computing Wa’anLL‘LI‘LI
mLﬁaaﬁuauuﬂmzLLWWH‘M?@QL?JIMMQJ
AULIEY  aRsRansnI@anunig
inmmmumﬂm

. Muﬂuma Pepper lutlss mﬁmﬂuwmmm
Lﬂn%LLanauaummamwmummmgan
aanuEwg  @ilauuaun ivinnsiuld
ualAnvisaggannglutiu

° IBM 1mwrmm IBM Watson Trend App
dwsuiindetls Fevimihiuus m'nﬂum
wmaqmaqmsaﬂ'lumauumaau‘la U
mmﬂmmamnm%wmmmuwuﬂumam
I¥dauiiausiazananann maamumasﬁa
maq‘umvjﬂ’l,wu’lwﬂuwgn’lwiu

Q. ununvavdaulrydsio Data analytics Ui
ag1lsUn
A unumesgaaLiTynin

=
v

anunsananagllasil

* luilaqifu Data analytics (anTunLm
ﬁumims‘waauﬁmﬁmﬂﬁu dwaliiin
m?miwaaua‘ﬂLLuﬁlmuq Fiaunaiuann
sUULLLAZNOINUIIAL 9 w‘lmaﬂ NaciNTattal
184 Data  analytics Vl’ﬂ,‘llimf_]Lﬂ‘Vlmd‘]
suflugeaasunullfnnnussiines

iifn Data analytics

sRaeaufuInuIanssumanalulagiiiu
dedAyuarinfudanisnsiaaeuiiyd
flddfummuuianssuntanalulad
Ty« Aidin enazdsalfinmnuaning
19¢ganuydlunisnauauainaniny
FENNSURIAAAVEIRUENUA LWazLay@nBnw
ABEIAN

*  Dataanalytics i lvigfaauiitydanusnnsia
aammm?mqqaﬁ@ﬁgq 100% U4 U

T

2 aa &4 ' a
TIENITNNGTNANLINAYU TILALANITU
mwaauumﬂﬂmﬁmﬂaaﬂﬂammamq

Lwammiwmaaummnnmmmumumm
$8NN9990 mﬂa‘"ammwmaﬂlulmﬂu
u'Jﬁmﬁ:uwNmm‘[u‘lﬁﬂﬂwmﬂ'luﬁfwuu

* Data andlytics ﬂmﬂumm‘[u‘lﬁﬂﬂ‘lwumm%’u
Hanuliosd %aﬁiaqwm?amu@ﬁﬁmmma
Ty andaund dansuag inwe uaznng
uauAun Seududdydmiuim
paraanuilyduua g lunisnauausimna
mmbﬁ'mmi‘ummmmm?aauﬁm?}ﬁlLﬁu
gnAnselvel  uenmilasnnnismsasday
1IyAud7 Data analytics aanungniinly
Winnunsliipudeiusznniug 15
anenn

o luifaqiuuFEmasisasuliyduuiaani
dadninfiuninuiuezilss auminﬂu
N34 Data analytics muu’«N:J‘LI?‘]:Wl
ganvneraniung veeudnunaus
mﬂiﬂﬂmiumamwaauummwmmiu
N34 Data analytics Ll,a:mmmuma
‘Eﬂmmmmmuﬁu‘[ﬂi‘um‘umaﬁm&u%ﬁ'uﬁ
Huiifley 19u sage, Infuit, Xero, TASBooks,
FreeAgent, Way Kashflow ‘[mﬁmﬁ'q‘luﬁ
uefinalaun CaseWare Analytics
fnauslisunsy “IDEA Data Andlysis”
%uﬂul,ﬂ?lmﬁaﬁ‘lmumﬁme:ﬁ‘ﬁaga
wnlnguazdudeudmivgnsiraay
melunazgnerasutinitas:  Tusunsy
IDEA Data Analysis Lﬂumuﬂu‘lumﬁ‘]ﬂlm’m
aauumwmmﬂmma mmm‘l,wm FOTTR
wuaﬂmummam? Fuiesdunazs sy
Sl Lwa‘lﬂmmwaamwm?qmﬁumqq
YAIBIANS

Q. EY Tftninaluladinganu “Data analytics”
u§lun1srsavaoulinyBnSolli

A. @iy EY uaaladnngin Data analytics
Wnunahelunnsnsaaaautin Tenflu3aiin
14 imane wuauaLwammmm’lﬁimammw
mauaw“[mmuumaamav“l? tvnnisladagain

LLa'W]’ﬂMaEﬂui‘ﬂLL'LI‘].IV]ﬂ’]JJ’]ﬁ‘ﬂ‘]J’JﬂLLu’JTulJ
Lﬂ?‘ﬂuwmummauwuﬁ AN UAZARFIAL
FulR LanIeaun9ninianng Dataanalytics

TillazenAlola Mi@ﬂﬁ’]’ﬁﬂﬁlﬁ‘iﬂ’)’]Lﬂu’lﬁ‘mﬂ%‘
mauamﬂiuua AMELENeIANIANTINARY Lt
ﬂumfvmvmmmmm‘lumimmmauammmama
WaaasduianssdnAuas Lwa"m“l,mamﬂfvm
nsasIraaLlyTatNgnaeg uﬂsuaw'amw
uaziilszansna

n1stAgnzmilSauiaudonaiiu
s o @ | « a

asndsznaudiAyatnenisluniail@auunilag
suuLnNImsRaeLiyT uazFUATAARTIAY
Hugtassulundunanis Wi gunmnunss
AauTiyT miﬂmﬂNﬂi“ﬁmﬁmwmmmimmf«mau
oy LLa"ms‘qumwmmﬁmm’t‘vLmafﬂ,uwm
Vlmmmmmumwaauwmmm‘lwmmaaﬂm

Q. EY Tadn1swauana:uiudanssuniy
inAlula@fuidy Artificial intelligence (Jrymyn
Us:Avd) urgoelunisnsavdoulinydnSolli

A winnssumamaiulading g elaun
Machine leaming (N9iF8uua9ARLTUADS)
W88 Cognitive computing  (oyayilszing
/ Pouumefialiounysd)  awaliifianis
LﬂaﬂuuﬂaﬁﬂLLuumsmwaauumﬂﬂamq
1N @mMEU EY udsnB udugaenisinia
nM9AsIenBaufiey Analytics uld uay
Adsvauitinmalllunisuiuinngsunig
wpluladln g unlaesnamaiiies eln
a@mmamnuma‘mm‘vaauwimﬂa‘wawﬁqua
uazldinantiaaninauuin
AN TIIaIRaIALaTN1sAedl AR ude
ﬁmummQﬁéau“lo’itﬁwﬁﬂ’l,ﬁiﬁﬁaﬁu

UAZALAIADAINL

msthudanssunamalulagivdg
wanelunsnsaaeutlnd e latun i
s 4 | -

AneuzansuIansautiveaniilu 2 dude

4TUATINABUTLULLAZFIENT TN

4
v

Patulutszan (Routine audit work) LU
nsdszenaldignisiiassiilFauiiaufiy
NUNNTATIRAALAINGT LUIU UNNTATIAAAL
N3¥1IUNNINTTOUAZNTTALUNINNTINE 37T
IMUMTIRABUTLLLNITINBRULABUNTNIU
wazn19uillsunsy Robotics (Robotics  1ilu
Tsunsuniedanisasieaeuildnaufinines




Group Scoping, Consolidation and Reporting

Cognlllve

Routine Audit Work

Highly automated client process
Large transactions volumes
Traditionally well controlled
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The development and adoption of technology
and computers to meet business, personal and
other needs has been rapid and widespread, and
as a result vast amounts of data are generated
every single day. This data can be an invaluable
resource if we have the ability to utilise it. Data
analytics gives us that ability.

Nowadays we face a constant stream of new
terms, breakthrough technologies and methods.
Some we find understandable but when we don’t
understand, the question we ask ourselves is
how they are relevant to us. This list of frequently
asked questions is intended to provide answers
to some questions commonly asked about data
analytics, and discuss its impact on the accounting
and audit professions.

Q. What is big data?

A. The term “big data” was first used in an
article written by NASA scientists in 1997, which
discussed the problem of storing extremely large
volumes of data in computer memory units. Big
data now generally refers to the vast amounts of
highly complex data that are created as a result
of technological advances, which gave rise to the
problem that existing data management technology
did not have enough capacity to store, manage
and process such volumes of data in a timely
manner.

According to the definition given by US research
and business advisory firm Gartner, big data

is characterised by the three Vs: volume (the
amount of data is vast), velocity (the data
changes very fast, such as data generated from
social media platforms) and variety (the data is in
various formats such as text, tables, XML, audio
or pictures).

Q. How can we utilise big data?

A. The use of big data in data processing relies
on the science of interpretation and summarisa-
tion of the vast amounts of data available for
decision making. Data analytics is a tool by
which big data can be used for business, sales,
marketing, political and economic purposes.

Q. What is data analytics?

A. Data analytics is the science of analysing big
data for business or other purposes. It begins
with the capability to transform big data into

a format in which it can be processed by the
technology, software or model created for the
intended purpose. The processed and analysed
data is then utilised or interpreted by professionals
trained to use such technology. Data analytics
can be categorised as follows:

« Descriptive analytics is the most basic data
analysis, focusing on “What has happened?”,
“What is happening?” or “What could hap-
pen?” Sample uses include sales reports and
operating results.

« Diagnostic analytics is used to answer the
question “Why did it happen?” by examining
the relationships between factors that are
correlated, such as the relationship between
sales and each type of marketing activity,
which helps to guide our decision-making in
the right direction.

« Predictive analytics is a form of advanced
data analysis which predicts future events
using a combination of historical information
and statistical models or relatively more
complex technology, such as machine learning
or data mining. Examples of the use of
predictive analytics are in sales forecasting
and credit rating score calculation.

« Prescriptive analytics is the most complex
form of data analysis because not only does
it predict future events, their causes and their
duration, it also provides advice on the
options available and their potential impact.

Q. Why is data analytics important and
how is it used?

A. The volume of data and online activities
generated by social networks increases every
year. The ability to understand the data we
receive, connect data derived from various
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sources and analyse the relationships among
data can result in vast improvements in business
operations, sales and marketing, providing
competitive advantages or creating new business
opportunities.

Here are some examples of the use of data ana-
lytics for business or other purposes:

e In 2012, US President Barack Obama used
data analytics to analyse his voting base and
interactions between his voting base and the
election campaign. This enabled his team to
adjust his campaign strategy to each group
of voters in a timely manner, helping to
ensure the most effective use of his resources
in due time.

« Uber uses data analytics to support its
dynamic pricing system, which automatically
adjusts fares based on demand, i.e. when the
demand for service is high, the quoted fare
will be high as well. This was evident when
14 people in Sydney, Australia, were being
held hostage in 2014, with quoted Uber fares
for the affected area four times higher than
the normal rate because everyone nearhy
wanted to rush home.

« Domino’s Pizza, whose online sales account
for more than 40% of all sales, uses data
analytics to analyse each business segment
and search for relationships between each
set of data. This provides insights into sales
and possible new best-selling items for its
sales and marketing teams. It also provides
information about which branches have high
sales volume or are likely to be highly profitable,
so that the company can adjust the use of
resources accordingly.

Q. What is machine learning technology
and how is it used?

A. Machine learning enables computers to rec-
ognise data or their surroundings without manual
input from humans. The data are then stored as
a knowledge base in various formats, such as a
rule or a function.

Here are some examples of using machine learn-

ing for prediction:

« An MIT research team used machine learning
to train computers to determine how people
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rate the relative safety of different neighbor-
hoods, based on pictures from Google Street
View.

« Machine learning and satellite images were
used to make predictions about poverty in
order to locate areas where low-income
people lived, by comparing daytime and
nighttime satellite images to identify the
presence or absence of electricity in each
area, which can be used as guidance for
development.

Q. What is cognitive computing
technology?

A. Cognitive computing enables computers to
understand and learn various types of
information so that they can think and make
decisions on their own, using the same learning
method as that of the human brain. It also
enables them to respond in a variety of situa-
tions, such as the following:

« In 1997, Deep Blue — a computer developed
by IBM — defeated world chess champion
Garry Kasparov, marking the first time that
a computer was able to make decisions (in
chess games) better than a human.
Subsequently, use of machine learning
and cognitive computing technologies has
expanded into the world of business.

« One of the leading hospitals in Thailand has
implemented cognitive computing technology
to support oncologists and oncology experts
in considering treatment options for patients
with cancer.

« Arobot developed in Japan named Pepper
is able to read and respond to emotions, and
so it can be used to watch over children or
elderly persons.

« |IBM has developed the IBM Watson Trend
application for shoppers. The application
recommends products that are in high
demand and predicts which hot-selling
items may sell out soon. It also suggests
New Year’s gifts that are most likely to be
appreciated by the recipient.

Q. What is the role of data analytics in an
audit?

A. The role played by data analytics relevant to
audits can be summarised as follows:

o Data analytics has an increasingly important
role in audits, and its use has led to the
development of new ways of auditing within
an existing regulatory regime. The emergence
of data analytics necessitates careful
regulatory change, but we have to accept
that embracing technological innovation is
essential for auditors. Without it, their ability
to respond to market demand may be
compromised and their efficiency reduced.

o Data analytics enables auditors to check
100% of the transactions in a population,
whereas previously only samples could be
selected and checked for correctness. The
old method is clearly a lot less effective than
the current method that is supported by the
use of innovative technology.

o Data analytics is a new technology for auditors.
It requires substantial investment in hardware,
software, skills and quality control, but it is
an important part of the response of large
audit firms to market demand in the larger-
company audit market. Data analytics can be
applied to a wide range of assurance
engagements, not just audit.

e For now, smaller audit firms have limited
knowledge and experience of the application
of data analytics. However, some software
vendors are beginning to offer audit firms
audit software that supports data analytics,
integrated with many of the widely used
proprietary accounting systems such as
Sage, Intuit, Xero, TASBooks, FreeAgent and
Kashflow. CaseWare Analytics is one of these
vendors, offering a large and complex data
analysis tool called “IDEA Data Analysis” to
internal and external auditors. This tool is
now widely used among mid-tier and large
audit firms, as well as by local and national
government agencies for monitoring
organisational transactions.

Q. Does EY use data analytics technology
in its audits?

A. EY uses data analytics in audits to gain
insights through analysis of collected data

that is arranged in formats that can be used in
prediction of trends, comparison of relationships,
analysis and classification. This demonstrates
that data analytics has audit applications and it
can be said that data analytics is used to manage



the internal and external data of companies being audited, in order to
identify risks of material misstatement and to ensure that audits are carried
out efficiently and effectively, and provide accurate audit conclusions. i
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beginning to deliver tangible benefits in terms of enhancing audit quality,
improving audit efficiency, and providing more relevant insights to our
clients.
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Data analytics is a critical element of our audit transformation and is .‘-
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Q. Does EY use artificial intelligence in its audits?

A. Emerging technological innovations, like machine learning and cognitive
computing, have significantly transformed the audit process. At EY, we
began this transformation with the use of data analytics in our audits,

and we are continually developing applications of new technologies that

are consistent with our goal of a highly efficient and significantly less
time-consuming audit that better meets both market expectations and the
performance requirements of key stakeholders.
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Our use of new technologies to facilitate the audit depends on the audit
work being done, and such work can be divided into two types.

’ Group Scoping, Consolidation and Reporting

Routine Audit Work Non-Routine Audit Work
Estimations, Human Interaction
Highly automated client process S
Large transactions volumes irof:nss&ona\ Judgment
Traditionally well controlled fowicses

- - i Technical Competence
Low k of llat
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Routine audit work - The focus is on application of analytics in routine audit
work, such as auditing the purchase and sales or payroll processes, and the
use of robotics (programs or computer-assisted methods used in the audit
of routine processes, systems or accounting records, sales processes and
the recording of transactions in ledger accounts) in the audit, in order to
enhance the efficiency of routine audit work. EY is currently at the early
stages of evaluating the effectiveness of using robotics to facilitate audit
work.
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Non-routine audit work — Advanced analytics, including machine learning,
predictive analytics and cognitive computing, are used in non-routine audit
work tasks, such as reviewing impairment and provisions. Machine learning
helps auditors to determine the best working and audit approaches based
on the way they work on their computers, while cognitive computing assists
auditors in identifying appropriate audit methodologies determining the I

level of materiality and tolerable error. I I
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